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Mining

ABSTRACT

This paper proposes multi-objective  genetic
algorithms and TSP to solve for indirect promotion
planning. Where by association rule can discover the
relationship between items in the database but if the
products have prohibition rules it will difficult to choose
products to promote. Thus this paper proposes a method
to help decide for selected group of product by use
confidence and lift and some regulation to select
products for make promotion plan by can expect some
product that have prohibition rules will increase sales

via promote another product instead of .
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2.2 Genetic Algorithms (GAs) [7]
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