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ABSTRACT - Currently, emotion semantic search technology can support users to access data
in the database. This can cover user’s desirable which focuses on emotion concept. Given an
image to different users, users’ emotion stimulated by the image might be different due to
different areas of interest. This paper presents a novel approach to increase the accuracy of
emotion based image classification by combining eye movement data with basic image feature.
The results show that combining eye movement data together with color feature can yield better
classification performance than using color feature alone.
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