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ABSTRACT -Image retrieval is active research topic in image processing field. There are
many research groups that have attempted to improve new technique for better results.
However, the model cannot specific enough for representing the meaning of images. In this
paper, we present a novel technique of the similarity images on hieratical graph based on
WordNet. The model is divided into 3 steps that included (1) prepared the image data (2) related
the relationship on images and (3) evaluated with similarity measure. The experimental results
indicate that our proposed approach offers significant performance improvements in the
interpretation of semantic image with the maximum of 85.7%

KEY WORDS - image retrieval, image processing, semantic image, hierarchical graph, similarity
measure
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Keyword: man. water. girl. boy, bucket. grass. Keyward: kid. toy, tres. grass. shoe, oshkosh.  Keyword: cake, woman. man, hat. tabke, dish
tree flower. tree, glass. gift

- S S - B ) B
Keyword: girl sun, snow. mourtain. helmet,  Keyvard: beach, music. sea. quitar. sand man. oy vord. donkey man, hat, tree, grass
downbill, poles. jacket. double bass hat, sky

.
Keyword: glove field, ball. grass. girl
cap  fence, helmet, bat

Keyword: woman. kid. beach, sea, sky.
building, hat, boat. tree

Keyword: beach, sand, sea, donkey kid, man. ~ Ke

mansky. bag
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