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Demand forecasting for LPG station by Time Series and Artificial
Neural Network
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ABSTRACT - Demand forecasting plays an important role in business. A good inventory
management can increase the competitive advantage. An inventory should be optimized so that
firm can increase free cash flow and keep the company’s profitability at the same time.
Especially, demand forecasting for the LPG station is very difficult because there are many
factors which may not be linked directly or indirectly and it also occur in duplicate or random
sometime. Thus, only the historical sale data is insufficient for develop an efficient forecast
model. With the neural network technique, this technique gives an advantage in extracting the
real factor which impact to demand in the future. This paper uses the artificial neural network
for developing the forecast model. The result shows the presented methodology has 683 RMSE a
day.

KEY WORDS - demand forecast; time series; neural network.
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Date Predict Date Predict Date Predict
Jan01 | 7725.05 | Jan31 | 8013.70 | Mar 02 | 8084.21
Jan02 | 7726.65 | Feb 01 | 8015.83 | Mar 03 | 7835.55
Jan 03 | 7956.14 | Feb 02 | 8017.96 | Mar 04 | 7837.47
Jan 04 | 7958.12 | Feb 03 | 8020.10 | Mar 05 | 7839.39
Jan 05 | 7960.12 | Feb 04 | 8022.24 | Mar 06 | 8093.36
Jan 06 | 7962.11 | Feb 05 | 7783.96 | Mar 07 | 8095.66
Jan 07 | 7964.12 | Feb 06 | 7785.74 | Mar 08 | 8097.97
Jan 08 | 7736.32 | Feb 07 | 8028.70 | Mar 09 | 8100.28
Jan 09 | 7737.96 | Feb 08 | 8030.86 | Mar 10 | 7849.05
Jan 10 | 7970.15 | Feb 09 | 8033.03 | Mar 11 | 7851.00
Jan11 | 7972.18 | Feb 10 | 8035.20 | Mar 12 | 7852.95
Jan12 | 797420 | Feb 11 | 8037.38 | Mar 13 | 8109.56
Jan 13 | 7976.24 | Feb 12 | 7796.49 | Mar 14 | 8111.90
Jan 14 | 7978.28 | Feb 13 | 7798.30 | Mar 15 | 8114.23
Jan 15 | 7747.85 | Feb 14 | 8043.94 | Mar 16 | 8116.58
Jan 16 | 7749.52 | Feb 15 | 8046.14 | Mar 17 | 7862.79
Jan 17 | 7984.42 | Feb 16 | 8048.34 | Mar 18 | 7864.77
Jan 18 | 7986.48 | Feb 17 | 8050.54 | Mar 19 | 8123.63
Jan 19 | 7988.54 | Feb 18 | 8052.75 | Mar 20 | 8125.99
Jan20 | 7990.61 | Feb 19 | 7809.27 | Mar21 | 8128.35
Jan21 | 7992.69 | Feb20 | 7811.12 | Mar 22 | 8130.72
Jan22 | 7759.64 | Feb21 | 8059.42 | Mar23 | 8133.10
Jan23 | 7761.34 | Feb22 | 8061.65 | Mar 24 | 7876.76
Jan24 | 7763.05 | Feb23 | 8063.88 | Mar 25 | 7878.77
Jan25 | 8001.03 | Feb24 | 8066.12 | Mar 26 | 8140.24
Jan26 | 8003.13 | Feb25 | 8068.37 | Mar 27 | 8142.63
Jan27 | 8005.23 | Feb26 | 7822.29 | Mar 28 | 8145.03
Jan28 | 8007.34 | Feb27 | 7824.17 | Mar 29 | 8140.24
Jan29 | 7771.67 | Feb28 | 8075.13 | Mar 30 | 8142.63
Jan30 | 7773.41 | Mar 01 | 8081.93 | Mar 31 | 8145.03
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