4 Eglﬂ’“‘-" oy J]ST Journal of Information Science and Technology
(% AW nformation Science and Technology Volume 12, NO 1| JAN — JUN 2022 | 37-46
\ Y ] ’ - ISSN: 2651-1053 (Online)

ISSN: 1906-9553 (Print)

4 N

a o o v o v d a a
TnesewamyuamsudwunmeiugunaedsmMsseuimean

Mobile Application for Breeding Bird Classification using
Deep Learning Technique

4
Av A o 12 v oo *
PUANA WTNTINM, AWTF UHIUNOI g YWUT Tal Zﬂfn

Phummiphak Promrangka, Saharat Wanthong, and Choopan Rattanapoka*

Inedena Tu ladgaannssy umanerdemn lu lagwsgvounamss unsmile

College of Industrial Technology, King Mongkut’s University of Technology North Bangkok

K Received: December 27, 2021; Revised: April 11, 2022; Accepted: June 07, 2022; Published: June 29, 2022 J

ABSTRACT - Currently, several bird parks have walk-in aviaries where visitors can
see various bird species up close. However, visitors are occasionally unable to identify
the bird species they are watching. Because the bird species found in walk-in aviaries
are not typically seen in everyday life, and there are no zoo signs inside the walk-in
aviaries. Therefore, this article proposes a design and development of a mobile
application using the Flutter framework. The application can detect and classify 10 bird
species using a deep learning model named EfficientDet Lite, which is created by the
TFLite model maker library. The users can use a smartphone camera to examine the
birds. Then, when birds are found, the application will provide users the information of
the bird. From the experiments, we found that the EfficientDet Lite 0, which is the
smallest version of EfficientDet Lite, gave the most suitable results for the application.
The model took 62.3 ms for the inference time with the precision, recall, accuracy and
F1-score of 0.94, 0.94, 0.99, and 0.94, respectively.

KEYWORDS: Mobile application, Flutter, EfficientDet model, TensorFlow Lite, TFLite model
maker library
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