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Abstract

The purposes of the research were to develop fall detection and notification web application for
the elderly using MediaPipe framework, and to evaluate the effectiveness of the application. The scope of
development is divided into two parts: Part 1: Camera management system, imports video data using a Real

Time Streaming Protocol connection. Part 2: Detection and notification application through
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the LINE application using MediaPipe Framework's Pose Landmarker Model to detect and track skeletons
33 point. The experimental is six fall patterns: 1) straight face falling forward, 2) straight face falling backward,
3) turning sideways falling to the right, 4) facing forward falling to the right, 5) facing forward. fall to the left,
and 6) turn to fall to the left were collected from 10 volunteers, the photos captured and identified 33
important key landmark points were conducted, and approximately 1,000 data records. The results of
evaluating the performance of fall detection using Random Forest and K-NN model and testing data sets
found that the Random Forest model had the best fall detection results, with an accuracy of 88.00%, and
the system is more accurate at detecting falls in a straight-faced position than falls to the left and right side.

Keywords: Fall Detection and Notification Web Application, Elderly, MediaPipe Framework
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5.2 nan15UsiuUEANSAINN1INTIIIUNITAY

nansUsziuUsEANE A InTadunsduvedlinadiainedne Random forest wag K-NN feyateya
nadaUNUI NMIrT9dunsduINt M 6 wuudelana Random forest Idnafiian fidn accuracy = 0.88
A1 recall = 0.91 A1 precision = 0.90 Wag A1 F1 score = 0.90 wazAIuLuglunIIATIITUNTANT UM

A59nIN5aUlUAUT T 1BWaZ VI SRS 4

A15199 4 LARIRaNTSUSEEUUSEANS NNNNSATIIUNTANMBlImaNas19998 Random forest kag K-NN

qﬂ%’ayjaum%‘ﬁmﬁmiﬁsﬁ Accuracy Recall Precision F1-score
F1 + Random Forest 0.90 0.90 0.93 0.92
F2 + Random Forest 0.90 0.93 0.90 0.92
F3 + Random Forest 0.88 0.87 0.93 0.90
F4 + Random Forest 0.88 0.90 0.90 0.90
F5 + Random Forest 0.88 0.93 0.88 0.90
F6 + Random Forest 0.86 0.90 0.87 0.89
F1+F2+F3+F4+F5+F6+ Random Forest 0.88 0.91 0.90 0.90
F1 + K-NN 0.85 0.89 0.89 0.89
F2 + K-NN 0.85 0.89 0.88 0.89
F3 + K-NN 0.85 0.90 0.87 0.88
Fd4 + K-NN 0.84 0.90 0.86 0.88
F5 + K-NN 0.84 0.88 0.89 0.88
F6 + KNN 0.83 0.89 0.85 0.87
F1+F2+F3+F4+F5+F6+ K-NN 0.84 0.89 0.87 0.88
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