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Abstract

This research aims to 1) develop and enhance license plate detection using YOLO and Optical
Character Recognition (EasyOCR) and 2) study and find techniques and algorithms that are accurate and
efficient for system design and development. The research employs image processing techniques that
include converting images to grayscale, applying Gaussian blur, edge detection using Sobel, binary image
analysis, line detection, and image cleanup using morphological processing. The experiments utilized a total
of 100 license plate images, and the proposed method achieved an average detection accuracy of 95.26%

and a reading accuracy of 78.68%, respectively.
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Command Prompt

Microsoft Windows [Version
(c) Microsoft Corporation.

C:\Users\PHAWAT-PC>!python
-—epochs 100 --img 648 6UB

-custom --weights yolov7 .pt

10.0.19045.3208]
ALl rights reserved.

train.py ——workers 1 --device & ——batch-size 16
—--hyp data/hyp.scratch.custom.yaml --name yolov7
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Histogram of Easy-OCR Data
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