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Abstract

Traffy Fondue is a grievance system provided by the Bangkok Metropolitan Administration to
receive opinions and suggestions that citizens have on the city. However, due to the amount
of information from many users, there is still unclear reporting, such as descriptions and
images are inconsistent, which makes it difficult for the receiving officer to coordinate and
solve the problem. Therefore, our team proposed a data clustering method to increase the
ability of clustering data to be more convenient by using data processing techniques. In this
research, the presenter applied the CLIP Prefix Caption model for creating captions and
allowing the system to group words or search for related problems. The CLIP, CLIP Prefix
Caption and GPT-2 models were created captions using images from Traffy Fondue. The
experimental results can be summarized as follows: BLEU 0.93% and ROUGE-1 16.39%. The
result is not good enough for real applications. The experiment was further reorganized by
proposing to group images using vectors from Prefix Embeddings instead of captioning directly

from the image. The results indicate embedding can be applied for further development.
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a city is a city with a population of
around 8, 000. days.

a view of the street. police officers stand guard at the
scene.
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