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Abstract

The purpose of this research was to study the needs and attitudes of Thai people towards
disaster management in each situation of the Thai government. The top three hashtags on
Twitter are a chemical leak, The King Kaew factory fire, and Flooding in Ubon. As a result,
Sentiment Analysis knowledge was applied. The data obtained will be used with two data
sets: all data sets and the data set that will be used to group the data (Clustering) to obtain a
more specific data set that only conveys the user's attitude. The researchers created four
models: Logistic Regression, Decision Tree, Random Forest and Support Vector Machine (SVM).
To compare the two dataset’s sentiment analysis predictions. Clustering the messages first can
help yield better results. However, the data is reduced in size as a result of segmentation. As a
result, employing The Synthetic Minority Oversampling Technique (SMOTE) aids in the
resolution of the problem. The best model across all hashtags is Decision Tree, which has an
Accuracy Score of 93% in #Chemical Leaks and 91% in #KingkaewFire and #Flooding in Ubon.
Word Cloud was used to study requirements or what the most people say, both positively
and negatively. The words 'sovernment' and 'politics' were discovered to be frequently used in
every hashtag's positive and negative connotations. This study concludes that the Thai
government's disaster management is insufficient to meet the needs of the Thai people

because shows primarily on the negative.
Keywords: Sentiment Analysis, Attitude, Clustering, Word Cloud
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3.2.5 mMsUSuriiudeyaniuisdu ¥3e0L58n31 Oversampling L 9331NN&IN1591

Y

P

Clustering vihlvidayatiovas Bnnsteyatinuliauna o1vilinadnsiannuldudedlunsdayanay

LY

10 Faiunaia SMOTE sldiieuddeym

3.2.6 Msa¥luna azvhnisadluea 3 9 duile adendeyatinun 1 4a, a¥a
Mndoyaiildannisvih Clustering wdmdedouaiawizsimuaf (Attitude Dataset) 1 Y Waza31aa N
Joyayn Attitude Dataset wiouldinasin SMOTE Tun1sundeym 1 90

3.2.7 n1awisuifisuluea nisFeuidioulueais 3 galagldaiauuiug
(Accuracy Score) hagnan1sUsELiuNaawsn15vinune (Performance Matrix)

3.2.8 n13a%19 Word Cloud 91ndayahavun 1 9n waganmsvh Clustering 1 yalag
foyayaiiaziiunuvseanidu 2 ndu Ao nguil@udeuan 1 ngu wozidsau 1 ngu (Fan Label 409
Sentiment)

3.2.9 nmaisuifisunadnsain Word Cloud agsinsiuisuiisy Word Cloud il

=% o

ndayayn Clustering NSluBeuIn wazldaay iegdsiauyndaniian uaziin1snadadguiauin

o

iedla wazdnswadsluddaunnd
3.3 Usgnsuaznaudied e

A15197 1 wansdruiudeyanianan 3uIuteyanain1svin Clustering kagduIutayandInIsii

SMOTE fiufeya Clustering luusiaetiensunivasusiazuayuvin

Non-clustering Clustering Clustering + SMOTE

Negative| Neutral | Positive | Total |Negative| Neutral | Positive | Total [Negative| Neutral |Positive | Total

sl | 836 | 373 | 113 |1328| 498 | 249 82 | 829 | 394 | 394 | 394 |1182

#l5991uA4

. .| 993 79 90 |[1162| 768 49 71 888 | 540 540 540 |1620
wialwlng

#ﬁwmuqua 1214 | 97 85 |1396| 898 66 58 |1022| 629 | 629 | 629 |1887
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4. NanN1538
4.1 aseis

4.1.1 HagnsN13vi Word Cloud 91n¥avayaiaviun

duAITEAS

N’ ZM )UﬂlhlleU

auﬁﬁﬂﬁu

W’N‘Vﬂi Uy L@@Uﬂﬂ

- @5LAd %“a

MR 6 UaAIHANTSYI1 Word Cloud 91n¥adayananinves #a1siilin

wuin Asiifaunafannfigadufudug Ao anuiliAnmenisal dufe Ymiauasdsy

5998311 An N1ssunaslimhenuresssinyissuulInsaudielviuU sy

4.1.2 HarAuuiug1veInIIaasInIsiuTeuieulinaseniagndeyaiavin, 4n

%’a;&a Clustering LLaSGQWﬁE]Qa Clustering + SMOTE

M19197 2 WananaA AU TEnIaYadeyansvun, Clustering wag Clustering + SMOTE

94 #A5LANS7

Model Non-clustering | Clustering Clustering + SMOTE
Logistic Regression 72% 72% 86%
Decision Tree 60% 64% 93%
Random Forest 71% 68% 93%
SVM 69% 71% 84%
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4.1.3 nansUssliunaansnisvinereinvaasinmsisuiieulunase ninagadeya
Wi, gadeya Clustering uazynvaya Clustering + SMOTE

M137197 3 UanIn1UsElUNaaNEN15vINe (Confusion Matrix) YeyatayanIvn
Y04 #a5AilT

L] Non-clustering
Logistic Regression Decision Tree
25 10 25 8
25 7 39 7
3 3 19 6
Random Forest SVM
29 14 26 13
25 6 33 9
0 0 0 0

M19199 4 uanansUsEIURAT NSNS g YR IYRtayauUINgY
U89 #ansLAIT

L Clustering
Logistic Regression Decision Tree
24 10 15 8
7 5 16 4
0 0 11 5
Random Forest SVM
22 11 25 12
13 5 6 4
0 1 0 0

M19199 5 wanamsUsziuradnsnsvinng vewadeyaluinguuagyin SMOTE
Y04 #a151AHT

° Clustering + SMOTE

Logistic Regression Decision Tree

6 5 0 0
11 15 1 13
8 110 0 65

Random Forest SVM

0 0 11 10
13 5 6 4
0 1 0 0
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4.1.4 Hadwsn15vi Word Cloud annyadaya Clustering lnsugnusaziia1suad (Polarity)
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NWUd gAunafe “ied”, “guaimnig” way “U1u” unfign 3 SUAULSN ANEIRU LAy

o

“Sguna” aaiuaum‘um 21 Wudwau 7 dernu wag “msiiles” susud 4 1Wudau 16 deaia
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4.2 Tsarunsuialullo
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4.2.2 waA1ALLiug1veInIInaaeINsileuisulueasnityadeyanviin, ya

‘i’faga Clustering LLaSGQ(ﬂ%EJ;ﬂa Clustering + SMOTE

M13199 6 uARIRAAANLLINENTENI9YATaYa Non-clustering, Clustering uag Clustering +

SMOTE 989 #lsssunauialulug

Model Non-clustering | Clustering | Clustering + SMOTE
Logistic Regression 87% 86% 89%
Decision Tree 80% 83% 91%
Random Forest 86% 85% 90%
SVM 83% 85% 89%

4.2.3 nan1suszliunadnsnsiueveammeasinssuiisulunaseninndeys

wianun, gadeya Clustering uavyateya Clustering + SMOTE
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M13197 7 uanan1sUsEiiunadnsnsvinuevesyntayanain

989 #lssnunawibnlng

L] Non-clustering

Logistic Regression

16 23
2 3
0 0
Random Forest
15 26
2 3
0 0

Decision Tree
11 18
20 5
12 3
SVM
13 20
9 6
7 1

M1399 8 LaRINITUTEIUNAANSNTVINWIETeATaLalUNaL

999 #lsaunawiatnlusl

L] Clustering

Logistic Regression

19 17
0 0
1 0
Random Forest
19 20
0 0
0 0

Decision Tree

14 11
5 4
10 1

SVM

17 15
3 2
2 0

M990 9 uanIN1sUTEIUNaANSNTINWEveadeaLUmnaNLaryi SMOTE

289 #lsaunawnabnlngl

L] Clustering + SMOTE

Logistic Regression

3 1
8 152
0 24
Random Forest
0 0
0 163
0 5

Decision Tree

0 0
0 140
0 14

SVM

0 0
0 0

33
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4.2.4 wadwsn15vi1 Word Cloud annyataya Clustering lnguenusazdia1sund

M‘“ ausu aaamamawa Taaiou

‘;?f,;iﬂu 'AT5i3e9 O |

iy =
- 2x @ &
A pis Y
o =
[l ; &/ mouladiiey g (B¢
s = Y.
BEE L ISR
__Co = mmmwmuaa &9 -
b Vg mdsay 9 =2
Wymezia' it =

7wl 10 wananan13vi Word Cloud 9ngadeya Clustering Inauansnaidudiotsualideuan

R

Wud Jaunata “soeud” Tufidvanedia sodumds, “Sguna” wag “U1u” anndian 3 Suduusn
o w “ y 9 v o A @ o > « A v oA @ o
AU ey “Sguna” eglududui 2 10udwiu 8 deanu uaz “nisides” Sudui 4 1Wudnniu 4

JaAIY

Ld Ngug'

mmmmmﬂiwmﬁ' ko>
sy AL

. Ao ') mamiﬂiwmmq

insoatinaued 5 lr“"
D RENakeP, E 2
‘ c:

g = b}
U;_) £ summaﬁu S L
=§ ﬂLLaLLaW uammumu Wl“U‘U G-

e
— mismmi Ur]umwai/lmﬂ’]a@‘g a“UmW:‘iJ

@

aam%mwa‘

=y
@
§
=1
Zy
* D
D
:
'R
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4.3 dhvhgua

4.3.1 HagnsN13vi1 Word Cloud 91n¥avayaiaviun

AGEULA

WAINEUR UINIUQUS

AT

o

U I

A 12 LansRani1$¥i1 Word Cloud mﬂﬂ;m%aﬂaﬁwm

WU AVEaunafwnnigaduiuiug Ae anuiliawmgnisel Tuhe guausnil seswman fe

CRRIEII R

4.3.2 nad1ANuuiugInImaaeInsilsuiisulinaseninyadeyanavan, yadeya

Clustering LLaxﬁqmsﬁasﬂa Clustering + SMOTE

M13199 10 UaRINaAIANLIUENTEIN9YAtaya Non-clustering, Clustering wag Clustering +

SMOTE w4 #tiwhagua

Model Non-clustering Clustering | Clustering + SMOTE
Logistic Regression 87% 86% 87%
Decision Tree 84% 83% 91%
Random Forest 89% 87% 90%
SVM 82% 80% 88%
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Wi, gadeya Clustering uavyateya Clustering + SMOTE

M1999 11 wanansUssluRadnsnsyinevesyntayanIvn

V83 #viugua

L] Non-clustering

Logistic Regression

Decision Tree

24 17
6 2
5 0
Random Forest
24 19
0
0 0

20 10
22 4
10 2
SVM
22 17
16 1
17 0

M990 12 uanansussiuradnsnsvinevesyntoyawuingy

V83 #whugua

° Clustering

Logistic Regression

Decision Tree

20 14
3 2
3 0
Random Forest
20 18
0 0
0 0

M13199 13 wanansusEuradnsnsving vesyadeyaluainguuagyin SMOTE

V83 #vngua

° Clustering + SMOTE

13 11
12 4
9 2
SVM
17 13
16 2
11 0

Logistic Regression

Decision Tree

4 0
8 187
5 24
Random Forest
0 0
0 164
0 18

0 0
0 163
0 1
SVM
2 0
2 194
6
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