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Abstract

The objective of this research is to compare the efficiency of two metaheuristic algorithms, consist
of Particle Swarm Optimization (PSO) and Bat Algorithms (BA) which are used to solve a three-echelon
inventory problem under deterministic demand. Minimum inventory management costs are investigated in
various parameters such as iteration (7 levels), number of particles and number of bats (3 levels). Average
minimum costs and processing time are considered as efficacy of each method. The results show that the
Particle Swarm Algorithm is better than the Bat Algorithm in terms of accurate solutions by 0.46%. However,
PSO processing time is longer than the Bat algorithm by 49.64%.
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