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Abstract

The technological advancement has brought a new level of intense market competition encouraging
most players in any industry to differentiate themselves from competititors in order to capture consumers’
attention. As a results, various new products and services are being offered to a market. Segmentation,
targeting, and positioning is a marketing technique generally utilized to sell new products and services. With
the differentiation strategy employed to compete in this intense competition, choosing a unique position for new
products and services is pivotal for business. This research explored the market positions of seven pasteurized
cow’s milk brands in Thailand. Data were collected from a famous social network forum in Thailand, Pantip.com.
Comments from the forum were tokenized. The results of tokenization revealed 500 keywords. These keywords
were categorized into eight influential factors affecint milk consumption. Brand perceptual maps by the influential
factors were constructed using Multidimensional Scaling. Sementic Network and Community Detection
techniques were performed on the dataset. From a discussion with industry experts, the results revealed new
insights. To validate the results of brand perceptual maps, self-administered questionnaire survey was
conducted asking respondents about brand position. There were no significant discrepancies between the
results between Multidimensional Scaling and survey methods with QAP Correlation = 0.56 with pseudo p-

value = 0.01.
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2.3.4 Cosine Similarity
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