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ABSTRACT
Artificial Intelligence (Al) is increasingly influential in shaping the future of technology and trends, including the field of

architectural design. Over many years, Al systems for architectural design have been evolved aiming to replace certain levels of
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human design, but there is still a lack of development in AI models and frameworks for this area, leaving room for improvement.
A noticeable gap exists in studies focusing on traditional or vernacular architectural design using Al. This paper represents an
initial step in a series of research efforts dedicated to developing deep learning technology capable of designing traditional
architecture. The research aims to study the features of architectural design in the context of vernacular architecture, specifically
examining traditional Thai homes and determining suitable Generative Adversarial Neural Networks (GANs) for architectural
design. This study suggests the application of Generative Adversarial Neural Networks (GANs) in creating designs for specific
architectural styles.

Through an empirical investigation into Thai vernacular homes, the paper implements a CycleGAN model in architectural
design. Post-training results indicate the potential applicability of the Al model to design modern Thai homes, converting
contemporary international houses with traditional Thai features. The key aspects of Thai vernacular architecture chosen by the
Al model include a high gable with a top element, a windbreak on the gable, known as "Pan-lom", a Thai-style platform (typically
leaving the ground floor as open space), and a wood texture that incorporates color and a Thai-style assembly pattern.
KEYWORDS: Generative adversarial networks (GANs); CycleGAN; Deep learning; Architectural creation; Vernacular

architecture
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