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ANALYZING PASSIVE AND ACTIVE REMOTE SENSING DATA IN KHON KAEN CITY

o a 7 a 1 a a o a a
TWAm sunthena', mawne Tegsgdan” uazydun legsedd
@ o a o A a a a s a o '
]‘Llﬂdﬂ‘]al"l NaNFAIIAINTIUMTATNVIVUNA UI3MAINT TN 151 AULIAINTTUAITAT UNIINGIRBVOULNY
) s a a o o Y v oA
FONANEANT19158 MAIYIAINTTU 1851 g{ua’mmmz‘wmuﬂﬂﬂﬁingagmamwwu
a s a o '
AUSIFINTIUMTANT UH1INYIQYUDULLNY
3 4 a 4 o = Y 9 o
019139 AuAalmans ﬁﬂ"I'U‘leﬂT‘uTaEJ‘Wiﬁ]ﬂM!ﬂaTL%TﬂmV]WﬁaTﬂﬂi;‘ﬁﬂﬁ

*Corresponding author; E-mail: fcecws@kku.ac.th

UnAage

k4 ’ 4 1
MSANETIY U UANITTUUANINIINAT TGN Sentinel-2, Sentinel-1 Lagmuomnauiienivaosinauny Ine 190161 R uag

b

a ~ Y A o Y 1 ad A Y ~ [ = = o
MAUANITTINIVONINTBNINTHAINHA WU 'Zﬂ!!ﬂ TJﬁﬂ”li‘W?ﬂﬁ!ﬂUW/lfjﬂ (KNN), Inseviedsearmingu (ANN), IATONINTN

4
o

o 14 [/ [ ;4 9/ v A a ' dy o Yo Y =
mivayuamae’ (SvM), Jwwvgu (RF) uazau limsdaaule (o1) matamarignih I 1gnudeyaninainaruieuni

UYY passive Uag active D1udiavveuuny lutl a.a. 2020 iMedszuuanuusudr lumssuun namsnageuuaad NN
2

= o 1o ~ ¢ o P 1o =
DINAINTOW Sentinel-2 aun5avmun 18R 1A UL IgaT 92%, Fuilunamsnageviln nuuuudigega vennii
mdanymsiulSuadeyan1sAneusua T aANA NWUL UG TUNITTIMUNVOININDINATUTAGY Sentinel-2 1AL

= A o Ao A o ' 79 ¥ a P a a A
Sentinel-1 HANTANHIVONITIEIHIUINNIYT R l!ﬂ'ﬂf]ﬂ"lW‘Vli)é‘le"l'leg'ﬂ'lillffé‘ffq/ﬂﬁ?‘D’?Hﬂ"li?!ﬂi"l@fﬁﬂ"lilﬂiiylﬁﬂTWEUE’)\H?J@J

v o A Ay

windiveyaimuizan sasfoudiunumanynmsiseuiveunsesinsamisaau lumsauasy

9

9y o 9

MmdmAy: M1 R; matindnsnaiseud; Yeyaiuiize: lnaBwausznnuwuamadauazuuuueadn; msldnau

U U

Wanwisa Inthapasan', Chattichai Waisurasinghaz* and Chutima Waisurasingha3

Master Student in Civil Engineering Program, Fact. of Engineering, Khonkhon University, Thailand.
?Associate Professor, Sustainable Infrastructure Research and Development Center, Fact. of Engineering,
KhonKhon University, Thailand.

®Lecturer, Faculty of Liberal Arts, King Mongkut's Institute of Technology Ladkrabang, Thailand. | 9


mailto:fcecws@kku.ac.th

AAINTTUAITAVUITYBASTWRAIUN Y4t 35 atiuft 1 unsrAu-Tuiau 2567

Engineering Journal of Research and Development Volume 35 Issue 1 January-March 2024

ABSTRACT

This study focuses on the classification of Sentinel-2, Sentinel-1, and their hybrid satellite imagery using the R programming
language and a range of machine learning techniques, including K-nearest neighbors (KNN), Artificial Neural network (ANN),
Support Vector Machine (SVM), Random Forest (RF), and Decision Tree (DT). These techniques were applied to both passive
and active satellite image data from Khon Kaen city in 2020 to evaluate their classification accuracy. Results showed that
Sentinel-2 satellite images could be classified with a peak accuracy of 92%, the highest among the tested data sets. We also
found that increasing the volume of training data could potentially enhance the classification accuracy for both Sentinel-2 and
Sentinel-1 imagery. The findings underscore the potential of using R for further applications in urban growth analysis, given the
right data. This highlights the significant role that machine learning can play in advancing our understanding of urban
landscapes through remote sensing data analysis.

KEYWORD: R-Language; Machine Learning Technique; Hybrid of Passive and Active Remotely Sensed Data; Land use/cover
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