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Abstract

The accuracy of water level forecasting using
artificial neural network model depends on various
factors. This study focused on identifying such
factors including the number of nodes in the hidden
layer, the model inputs, and the calculation methods.
The model was developed to predict water levels
three days in advance for the M.7 gauge station in
Ubon Ratchathani province. Two calculation
methods were used in this study, ie., Levenberg-
Marquardt method (LM) and Bayesian Regularization
method (BR). It was found that the accurate water
level prediction can be achieved from the models
with the following aspects, (1) the number of nodes
in the hidden layer is half of that in the Input Layer,
(2) the LM method provides better result than the
BR method, and (3) water level at the upstream
gauge station of the main river, as well as the water
level at the gauge station to be predicted, should be
included as the inputs in the model.
Keywords: Artificial neural network, M.7 gauge

station, water level forecasting
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