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Sensed Data for Assessing Land Use/Cover Changes: A Case Study of Khon Kaen City
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ABSTRACT

Land-use planning and management in a metropolitan like Khon Kaen City necessitate an analysis of information related to
change of land use/ land cover. At present, as raw data, active and passive remotely sensed images are provided free of charge. Therefore,
using support vector machine classifier, the objective of this article is to compare the classification results obtained from the combined
active and passive satellite imagery to the results from the use of only passive satellite imagery. The results illustrated that a map of land
use/ land cover derived on the combined active and passive satellite imagery composing of Landsat and C-band SAR satellite imagery
leads to accuracy of over 90%, which are higher than the use of only Landsat data.
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M13199 2 N13A519AUANNYNABIVINIT S WUNUTZIANN5 19NALINToYA Landsat 1iioaee1Re) vog1 A.91.

2008 7.71.2015 ua A.7.2018

user's
reference data row total
year classified data accuracy
Urban Water Bushland | Bareland (%)
2008 Urban 75 3 12 4 94 79.79
Water 0 71 3 0 74 95.95
Bushland 0 3 70 5 78 89.74
Bareland 0 0 1 55 56 98.21
column total 75 77 86 64
producer’s accuracy
100.00 92.21 81.40 85.94
(%)
overall accuracy (%) 89.74 kappa index 0.86
2015 Urban 72 3 1 11 83 82.76
Water 0 69 0 1 70 98.57
Bushland 0 3 71 6 80 88.75
Bareland 2 0 3 57 62 91.94
column total 74 75 75 75
producer’s accuracy
97.30 92.00 94.67 76.00
(%)
overall accuracy (%) 89.96 kappa index 0.86
2018 Urban 70 4 1 7 82 85.37
Water 0 67 0 0 67 100.00
Bushland 0 3 75 5 83 90.36
Bareland 5 1 0 63 69 91.30
column total 75 75 76 75
producer’s accuracy
93.33 89.33 98.68 84.00
(%)
overall accuracy (%) 91.36 kappa index 0.88
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M919d 3 MasdeuANNgNAeIveIMITunlsznnms 19NauINToYa Landsat HeuKAUAUTYA SAR VB4

3/ 0.7.2008 7.7.2015 Az A.7.2018

user's
reference data row total
year classified data accuracy
Urban Water Bushland Bareland (%)
2008 Urban 75 4 4 12 95 78.95
Water 0 71 0 3 74 95.95
Bushland 0 2 71 5 78 91.03
Bareland 0 0 1 55 56 98.21
column total 75 77 76 75
producer’s accuracy
100.00 92.21 93.42 73.33
(%)
overall accuracy (%) 90.06 kappa index 0.87
2015 Urban 74 2 1 8 85 87.06
Water 0 69 0 2 71 97.18
Bushland 0 3 69 5 77 89.61
Bareland 0 1 5 60 66 90.91
column total 74 75 75 75
producer’s accuracy
100.00 92.00 92.00 80.00
(%)
overall accuracy (%) 90.97 kappa index 0.88
2018 Urban 73 3 1 3 80 91.25
Water 0 67 0 0 67 100.00
Bushland 2 5 75 4 86 87.21
Bareland 0 0 0 68 68 100.00
column total 75 75 76 75
producer’s accuracy
97.33 89.33 98.68 90.67

(%)

overall accuracy (%) 94.02 kappa index 0.92
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