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ABSTRACT

The purpose of this study is to construct a ridge logistic regression estimator
using one-step bootstrapping for coping with multicollinearity. The one-step bootstrap
ridge estimator method, the maximum likelihood estimator method, the one-step bootstrap
maximum likelihood estimator method and the ridge estimator method are compared
in term of the mean square error (MSE).The R program is used for the both cases of
simulation and generation data. Four independent variables with various both correlation
coefficient levels of 0.4, 0.5 and 0.6 and sample size 60, 120, 240 and 400 are studied.

The results are shown that the logistic regression coefficients of the one-step bootstrap
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ridge estimator method has minimum mean square error when compared with for small

sample sizes. For large sample size, however, the efficiency obtained from all methods

are not different.
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L =040 60 0.4661 0.3209 0.3286 0.4156 0.2421 0.2523
120 0.1762 0.1599 0.1613 0.1850 0.1543 0.1578
240 0.0844 0.0810 0.0810 0.0820 0.0766 0.0767
400 0.0468 0.0457 0.0458 0.0489 0.0467 0.0468
L =050 60 0.5334 0.3585 0.3656 0.5025 0.2846 0.2950
120 0.2081 0.1867 0.1890 0.2174 0.1793 0.1843
240 0.1014 0.0968 0.0975 0.0994 0.0923 0.0934
400 0.0572 0.0557 0.0557 0.0598 0.0569 0.0569
L = 0.60 60 0.6792 0.4253 0.4447 0.6575 0.3473 0.3651
120 0.2602 0.2273 0.2298 0.2650 0.2109 0.2148
240 0.1290 0.1221 0.1232 0.1275 0.1169 0.1184
400 0.0729 0.0706 0.0702 0.0761 0.0715 0.0708
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