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Abstract

The purposes of this research ,were found that to 1) compare the ability to create
relationship rules. In the treatment of hypertensive patients with Apriori technique in each data
preparation process. Process 1 separated data into 2 groups according to class and created rules
regardless of class. Process 2 separated data into 2 groups according to class and created rules by
class consideration. Process 3 combined both groups of data and Create rules, not words to class,
and 2) compare the effectiveness of the relationship rules In the treatment of hypertensive patients

with Apriori technique in each data preparation process. The target group for patients with
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hypertension is 6,269. The tools used in this study are Mysgl program for data validation and Weak
program for analysis of Apriori technique.

From the objectives of the research, it is found that 1) process 1 can create the most
relationship rules, average at 693.40 rules, 2) when comparing the efficiency of the relationship
rules In the treatment of hypertension patients with Apriori technique in each data preparation

process, it was found that process 1 had the highest confidence level of 75.44%.

Keywords: Hypertension patients, Association Rule, Apriori
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