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ABSTRACT

The objective this study aimed for developing information technology model into future
careers forecast of graduate information technology major, and study to the efficiency of future
careers of graduate information technology major. The data method with informants were graduate
information technology major in Nakhonratchasima Rajabhat University to finish during year of 2003-
2017. The participants they all were by purposive samplings and 1,178 samples. The collection
came from documentary, theoretical and data mining technical into systematic of model by
unstructured questionnaire and selected data by questionnaire into effects future career forecast.
The data analysis on qualitative data to analyzed of content analysis, and the quantitative data of
percentage, regression analysis and confidence. The study found that information technology
model in careers future forecast at a key of three technical including clustering, naive bayes,
decision tree, also, the information technology model in forecast had to efficient as percentage of
73.86 that highest level. The effects to future career forecast at level average to highest (1-3) such
as programmer, business staffs and freelance career. By the model can be usefulness career future

forecast decision of graduate information technology major.

Keywords: Information Technology Model, Decision Tree Technique, Future Career Forecast of Graduate
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