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Abstract
The purposes of the research were: 1) to develop keyword suggestion feature for searching
Thai document based on dictionary and ontology keyword suggestion. 2) to compare the
effectiveness of keyword suggestions for searching Thai documents. 3) to study keyword suggestion
feature result for searching Thai document from users in a real trial. The target audience for this
research was 21 people who had experience from search engine. The research tools were: 1) 3

types of search engines: search without keyword suggestions, search with a dictionary suggestion,
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and search with an ontology suggestion. 2) User background interview form. The statistic used in
the research is an average.

Research results were: 1) The result of the search engine development consisted of 2
parts; user background interview form and searching test form 2) The result of the performance
comparison of keyword suggestions for Thai document search was found the performance of search
with the ontology keyword suggestion that was the most efficient across all systems used for
testing. 3) The result of the search engine testing from users in a real trial was found users can find

exactly documents that they want with the search engine using the ontology keyword suggestion

Keywords: Search Engine, Ontology, Dictionary, Keyword Suggestion
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1) Crawler Module: vhuthiilumsiiudeyaaniuled Tnsazasislusunsudmsuiudeyani
& adad o T , = & ! v ] ~ v a ¢4 v & I
Vunddeisenda ‘spider’ Fslusunsuilazerudeyaluniiiuiiendeyauazfsiidenloslunidivlng

va & A & Y 2 A a
wazlddsiienleaiudoyantiuiiuiiy [1]
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2 2w & v @ o v & o | ]
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nswwiendoyaasld Crawler lumsiiudeya wasvinisdnddeyauasd1uias TF-IDF (Term

Frequency - Inverse Document Frequency) é’m%’ué’umLaﬂmisﬂguﬁugmiuswUé’um Tned TF-IDF
asnsndwldanuagames TF wag IDF [13] madadililunsmasesiasldftugiuanmadadlngls
maximum matching lunisfumAfisniign Tnglddarnnaumnsalunsdnd 8914 Thai Character
Cluster (TCO) WWuiteulalunsdadilallseglunauiynsy TusieaziBeadfiniiu nsfad maximum
matching Tneagldimadinfizonin TRIE [14] Tuniseruuazdadliidd
dumsdadiilaldunanwauynsuazlinadiafiiendn TCC lumsdadi lngiiasiziiannms
wonmieganvesdnusneusadulaveuiuavesdn Gagnuures TCC axgnimuadieng Sengiildasidy
msvugUsuuvesiweasnweligndes sudddsuwuunmateuianeadadeya [15]
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wUs query data ludunlunedutl word fedudon OR iunadnsalalily &

wUs w_query thwadwsannduus m_query uay w_query unsaniuundniuliludiuds merge query
thianfuds merge_query ldumaziu IDF Alddunuiulinngudeyalude 3.1.1.2 udufiulilu
fwds word_result 13esarduvesmanuinlutdossiean IDF ihumadnstiludanys sorted result udn

derAugliasning 3

Search_Dictionary(query_data)
If query_data lenght > 1
m_guery = Query query_data with
"AND" operation from “"meaning" in
Database.
Else
m_query = Query query_data from
"meaning" in Database.
If Data from "meaning” is lenght == o AND query_data length > 1
m_query = Query query_data with
"OR" operation from "meaning” in
Database.
If query data lenght > 1
w_query = Query query_data with
"OR" operation from " word " in
Database.
Else
w_query = Query query_data from
"meaning" in Database.
merge_query = mergem_query and w_query
If merge_query == @
Return No result"
For “word” in merge_query
idf_query = Query "IDF" score by “word"”
from "term" in database.
If idf_query length 1= @
word_result append array
[“word”, “meaning”, “IDF”’]
sorted_result = Sort word_result DESC with "IDF".
Return sorted_result
END

Al 3 glaldnvasnisuuzihdlagldnauiynsy

3.1.2.2 mMwuzimdAgyanesulnlag
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sryinfudgnmiaviedudsiiftestuooulnlad
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flerdumaiausudoyavidndudaduesnsiesulnlad Gs uazdadveadifogldfum W ifietild
Uszsnanauielvildnadwsiidudadvesgdiuiiuszneuse Joveseeulnlad uazazuuuadovesdn IDF
AuruanmsmAuazdlndidsafivsingludad w wazrdiladluduman I0F 9ngiudeyalude
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Search_Ontology(Gs, W)
Maximum_count = @
Selected_graph = empty list to keep selected graph.
forG inGs
count = @
forw inW
if G havew in node
count = count + 1
if Maximum count < count
Selected_graph = empty list
Maximum_count = count
if Maximum_count == count
append G inSelected_graph
Expanded_GW = empty list to keep tuple of graph and word in node where near w node in graph

if length of Selected_graph > @
for G inSelected_graph
Expanded_words = empty set to keep word where near w node in graph.
forw inW
n = node which keep word w in graph.
parents = list of node which edge out from the node n.
child = list of node which edge in to the node n.
siblings = empty list to keep node which has the same parent.
forp inparents
c = list of child node of p node.
append each node in ¢ into siblings.
append word in each node of n, parents, child, siblings into Expanded_words .
append tuple of G and Expanded words into Expanded GU.
R = empty list to keep result of tuple of ontology name and average IDF score of ontology.
for G and Expanded_words in Expanded Gl
sum = @
count = @
for epw in Expanded words
score = IDF score of epw word in database.
sum = sum + score
count = count + 1
avg = sum / score is average IDF score.
ontology_name = ontology name of G.
append tuple ofontology name andavg intoR.
ReturnR
END

il 4 glaldnvesnisuuzihalagldosulnlad
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