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ABSTRACT

This research aimed to: 1) study and collect data on local medicinal plants in Koh Kaew
Municipality community forest; 2) design and develop a local medicinal plant application for Koh
Kaew Municipality community forest; 3) evaluate the efficiency of the local medicinal plant
application for Koh Kaew Municipality community forest; and 4) assess user satisfaction with the
local medicinal plant application for Koh Kaew Municipality community forest. The sample groups
consisted of: 1) 6 experts in information technology and herbal medicine, and 2) 30 users. The
research instruments included: 1) the local medicinal plant application for Koh Kaew Municipality
community forest; 2) an efficiency evaluation form for the local medicinal plant application for
Koh Kaew Municipality community forest; and 3) a satisfaction evaluation form for the local
medicinal plant application for Koh Kaew Municipality community forest. Statistics used in the
research included mean and standard deviation. The research findings revealed that: 1) From
studying and collecting data on local medicinal plants in Koh Kaew Municipality community forest,
medicinal plants were classified from a total of 57 species in 29 families, with 35 species having
medicinal properties. The medicinal plants were categorized into 8 main groups according to their
therapeutic properties using decision tree classification techniques with the C4.5 algorithm. 2) The
development of the local medicinal plant application for Koh Kaew Municipality community forest
featured a user-friendly interface design with three main functions: (1) symptom identification, (2)
search function, and (3) herbal details display. 3) The efficiency evaluation results by experts
showed that the application quality was at a good level (X= 3.98, SD. = 0.70). When considering
individual aspects, usability and design were at a good level (X= 4.17, SD. = 0.63), followed by
content and accuracy at a good level (X= 3.94, SD. = 0.75), and benefits and application at a good
level (X= 3.83, SD. = 0.73), respectively. 4) The satisfaction assessment results showed that users
were highly satisfied with the local medicinal plant application overall (X= 4.20, SD. = 0.66). When
considering each aspect, users were most satisfied with the benefits and application (X = 4.36,
SD. = 0.57), followed by application usability (X = 4.24, SD. = 0.66), design and display (X= 4.12,
SD.= 0.67), and content and information presentation (X= 4.07, SD. = 0.72), respectively.

Keywords : Herbal Application, Medicinal Plants, Decision Tree Classification, Local Wisdom
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st uily videaudoyaasulng uaz 6) mumsﬂiumamamamulmmauh (Decision Tree Processing)
eudomadaglésanesiu ca silefldideneinisnniy 8 ngumdn ueundinduazdstoyaainisil
vUu Input Tifiulaea Decision Tree ‘wﬁaag‘luﬁuw T,uLmamﬂﬁwmawaimhaanaﬁm Ca.5 Milnsly
uudLflaLAuMwiiu Decision Nodes sudduannlunumsin (Root Node) Fafiunguennisudn adluss
Leaf Nodes fiannadndifuayulnsivmnzan snduneundinduasfdoyasoasiBonvasayulnsi
wuz1NFIUTOYARALLAAINA rail msaaﬂLLUUwzmmﬁwé“nmiaaﬂLLUUdauamﬁia;ﬂ% (UI/UX)
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muuLIAnnsSMuneInsidu 8 nguvdn deliildanunsadensinsuasfufuugiayulns iz
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ANBUENINGNEANENS a3sNANNIN F50151Y wartenisse e lneweundnduiiniseeniuudiufnsie
A1 (User Interface) ABoudie MWewagan fnslilndiifeidesiusssumiieairsussaunisalild
(User Experience) i LLavmvuwmmauamUsva‘wﬁmwmlvmwmaﬂiﬂmamaLﬂulﬂamﬁmmua“
gnAes wenainl mswwmmmmmnﬁmamimsvmwmumsiv‘ummiLLavmumeswavLaam
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3. nansUszliuyszAnsmnuaUnaadunvayulnsiudiunuivigusumauianizuio

3.1 wamsuszliuszansnnlueg

TunmsUssduuszaniamilinng doyaivayulnsionun 35 sdafiflasimammeignuus
Taglddnsndiu 80:20 Ae yateyarnasu (Training set) 80% wazyAtoyanAdey (Testing set) 20%
Tnel#38msduiuuutstu (Stratified random sampling) LwaiﬂmammumaaLLmauﬂammmsm 8 nejulvt
winfleuduluisaesyadoya wonanisdldinadia 10-fold cross-validation LiieanAuieuBeuasiii
Anuydeiieveananisusziiu saudannsld Grid Search lunsusuudmniimesvasdaneiiiu C4.5
domenfiansaniigauasdostullym Overfitting Aouthludssdiulssansnmsugniing

namsUssdiudsavsamuansilinadiauuiugigilunsduunfsagulneiutunmg
assnamnsing nefidmnuusiug) (Accuracy) 92% slanavhuneussianiiwayulnslagnsios 929%
Yoen3HlNImuA A1ALTIEY (Precision) 90% wansdaauudiuglunsseyiivayulnsuiazyssan
Ansi3enAu (Recall) 91% uansdsnuannsalunisdunuiivasulnsimualuusazdssian woge
F1-Score 90.5% LansEIAnMANAATEainsa g azAuATaUARa HadwsmadEuduinluna
suldiFadulafifmuumngandmiulflueundinduiotiellfidenayulnsfivang fuanudonis

n153LAs1gntedninvestdaya (Data Limitation Analysis) doyafivayulnsuisvilnd
Meazdenliasuiou Inglamyasimaumiseuaznisidondiusing 4 vesfiviiazanadnaziinadeniseen
gvisuazUTIildssosdinamagounisnisunmd uasanalliaugavesdoya (Class Imbalance) wuin
gy "sEuUMaAue s’ f5uiuiiednaminniingudu q dwalilunasiafuunliusuunfivii
AruanTRfmadnguiinniuly

M15197 2 wan1sUsTiiuUsEAnSamnsinwrewe U duiivayulnsiiudu Inedie gy

318115 X SD. SEAUAUARLTI
1. frudlomuazeugnifas

1.1 amnugnepsvestoyaayulns 4.17 0.68 2
1.2 AnumEzauveInsinnguayulng 3.83 0.82 7
1.3 Anudalauvesrasuvasnau 3.83 0.75 7
\ady 3.94 | 075 7
2. munsldnuuagnisesnuuy A
2.1 anudglumsldnuuaundindu 4.33 0.52 7
2.2 anusadatunmshumagulng 4.17 0.75 7
2.3 ANUTALIUTDINTUARIHA 4.00 0.67 A
\ady 417 | 063 7
3. snudseleviuaznisiluly 7
3.1 Yseleysonisidionldayulng 4.00 0.63 A
3.2 msluussendldluiinyszdriu 3.83 0.75 A
3.3 Usgdnsnmlunistednduls 3.67 0.82 7
\ady 3.83 | 0.73 7
Ty 3.98 | 0.70 A
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(X = 3.94, SD. = 0.75) wazsuuseloviwasnisiiluldeglusedud X = 3.83, SD. = 0.73) muady
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Nnmthimauiasuainizui wasdszamilusaimzuia s1newaani Sminfeuidn deeglndn
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M990 3 wan1sAnwAEianeladensldnuweundinduitvayulnsiutu Ineglday

$19N15 X SD. szAUANAALIL
1. funisldanunaunaindu
....... 1.1 msfniazdldmuueundindurling 4.53 057 wnilgn
....... 1.2 wyuaggUuuunisiiauardiladne 4.27 0.64 10
....... 1.3 nsi3enguayAumdeyaayulnsvildazainying, 3.93 0.78 gl
\ady 424 | 066 wn
2. Fruitlomuazmstinauatoys
....... 2.1 Toyafivayulnsfirnuasuiiuuaggndes 4.03 0.76 N
....... 2.2 Meduiwassnaauazisnisidayulwsidlaing 4.10 0.71 1N
....... 2.3 msdanamyanulnsmuenisinnumiizay 4.07 0.69 1N
\ady 407 | 072 wn
3. duuseleviuaznsin iy
....... 3.1 upundidutaslidndsdeyampulnsldieiu 4.47 0.57 1N
....... 3.2 faglumsdnauladendaplnsfivanzay 4.17 0.65 1N
....... 3.3 60'3amﬁméuasLmnmi'gﬁﬂagapﬁaaﬁu 4.43 0.50 110
1ady 436 | o057 an
4. A1UNTTDDNUUUKALNITUAAINE
....... 4.1 nMsvenLuuVIedAuEIBNY 4.13 0.68 1N
....... 4.2 fdnNYILAzIUIAB UMY 4.27 0.58 1N
....... 4.3 mUsznauuagnIskanskaiinudaiy 3.97 0.76 1N
1ady 412 | o067 an
Tagsu 4.20 0.66 N

31NM1579 3 WU wan1sfnwauianeladenisldnuseundinduivayulnsiudiu lngs
wugldlianuianelaseusundiatuluseduun (X = 4.20, SD. = 0.66) LiaNA1TUUAAEATUNUI
aulszleviuaznsillldlasuanufianelagen (X = 4.36, SD. = 0.57) sesasunfesun1sidnuney

[154]



Journal of Technology Management Rajabhat Maha Sarakham University

— TMAw ____ Vol 12 No. 1 January - June 2025

NAATY (X = 4.24, SD. = 0.66) AUNITODNLUULALNITHEAING (X = 4.12, SD. = 0.67) wazauiillamuay
nstdnaueteya (X = 4.07, SD. = 0.72) muafu

aAUs18NaN1SIFY

1. msduundeyafivayulnsiudiudnn 57 «lin Ganszarefoglu 29 19d Femadasuld
dadula (Decision Tree) $ane35u C4.5 wuiidl 35 vilafislassnaaldifuiivayulwslilasausoudsity
ayulwseendu 8 nquudnauassnaunising loud Dszuumaiuemns 2) ssuunsegnuazde 3) lsn
Hantds 4) syuudszain 5) Wuavnisdniau 6) szuuluaisulalin 7) U133519018 wag 8) wifiy
Feaonndosiu Ui 2dedy (9] viduiFes menwfivalnsviosdunagnslivsslovilugusulnngy
Igdsaiivanulnsilfluguoilnngy sunevaudn Simiamusysal Inesaurmdeyannusvgviesiu
wazuImEnutu nansisenuiivayulnsildionun 49 ¥da 0 45 ana wae 28 29 Geanansnduun
muasInAuarIsnsliivarnuas

2. Mt Undiatufivayulnsiiutiu fufithgeunauiainizut femadanissiun
Foyauvusulsiindula (Decision Tree) #iin1seenuuudrudnserld (User Interface) Tldauinauasi
Hafdunisiiieu Usenaudie 3 Heddundn laun 1) n19558Y81n15 2) N1SAUNT 4ag 3) N15Lan3
swanBenayulng nansUssifiulsyavsamuansiliaafimisuiugigdlunissuundivagulnsiuty
muassnAunsine Taediaiauusiug) (Accuracy) 92% AiAmLiiBs (Precision) 90% fnnsiSenau
(Recall) 91% wadwiwatuduilmnaduliiFaaulafinutumnyaudmivldlueuniinduiions
gldenayulnsivunziuanudeanis Feazvieulviifiufalszavsninueanaia Decision Tree Tunns
Fuundeyaiidmududounaznaneifegudeyaiivanlng aonadostunguives Quintan [3] Aind1ai
Decision Tree i{umaiafimnzaudmiunsinmnanyieyauaznisiunglunsdliffuusduuann
wazfimnudusiusdudou nanisusediudiaenndeefusuddoues Hunt, Marin and Stone [4] finui
Tuwasulidndulaannsnouiuarsuundoyaldegiefivssansam Tasiomeislevnuussgndldiunis
%WQWQWMMmé’ﬂwmwmﬂwmEJ TIMNEDANADINUMUITYYBY Rajasekaran, Anantharaman, and
Subramaniam [11] l#@nw13deiFes uwuusiassmsvihuweuuuiulifaduladmiunadendvayulng
wusady Tasussgndlémedasuldindulalunisaiidinaiuemadonldfvayulnsfudua
91m3veslsa nanmsITenuiluaadanuuiugr 87.5% lunsuusthfivasulnsfivsnzauiveins T
#9150 Te6in4 9 1y Useianveddsa ANTULITIVEIRINTT LaranvuyveUle

3. msUspiulszAnsammsvhauvesssuulnegidemng nuiueundinduldiunsussidue
Tusgdudlunnsu Tnstangdunsldiuuaznisesniuu (deds 4.17) feagvieuliiiuiueundindy
fidrufarofld (User Interface) ldaudisuasiiusaisilunisdumdoya fudlonuazarugnies
vestioya (Aade 3.94) uazduustlovtinazmsthluld (Anade 3.83) Aldsunsuszifiueglusziva
wuifu Fauandfifuiueundinduifidnonwlunstedldlumadenayulnsiivanzautuaiudoans
Fsaonndesiudans afununs wae aigydl e3yad10] Téannstuudionanisldayulnsinulsa
vugruanuigidyarguain laeldmaianisduundeyawuuduldidadula (Decision Tree) Aqe
Sane3tu Ca.5 spuuiiiatuannseliduuziinsldayulnsdnulsaldfonuuiug 88% uazwa
mMsUszifiunmunnasldnuszuilaegidoinyeglussivann

a nsfinweufeneladenisldauweundindufivaulnsiutiu Tnosmwuiglidaauds
welasiouaUndnduluszdvann Wefinsanusassuwuin fuuselomitaznmshlldlssuenufianela
gegn) sesaanfesunisTinuneundindu Funiseoniuuuasnisianiua wasdiuidoniuaznis
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thiauedeya muddy Gsazoulidiuiwoundinduiiivsslovidedldlunadifdeyamyulnsisly
nsdnaulaidentdauulwsivangan wastiveuindgityaviesiu Jsaenndesiu §aas1 giununs
wag alfgydl A3yad [10] Ieimunszuufidesngnisldayulnsinulsavugruanuigidyyraunm
lngléinatanisiuundeyauuudulddndula (Decision Tree) edanastu C4.5 nan1sUTEAIUAMAMN
nsldanussuvegluseduin

YDLAUDLUL

1. msfinssusmdoyafivayulnaifiufsaniuiidu 9 ieversgrudeyauasifinaim
vannuanevesivayulnsluneundindy Sesdaliildausadnfeloyaldinntuuasasounquituiinn
By

2. s smunsruunIsandfivayulnsanamatey lasldimaiinnisiSeusidedn (Deep
Learning) dsazanelviildanunsnssyfivanulngldiedy
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