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The Study of Data Classification in Major Depressive Disorder Domain

Using Data Mining Techniques
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Abstract
So far, depression is talking in daily use. Depression make impact on patient with physical, mental, and mental
symptoms. These symptoms can affect daily life, such as eating less food, loss of appetite, insomnia, hopelessness,
depression, unhappy life, always worried and most importantly, patient isn’t able to deal with the problems that are faced
properly. There is approximately 322 million peoples with depression worldwide, representing 4.4 percent of the world's

population. In Thailand, depression is one of most important of health problem. This paper is to focus in study and
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literature reviews in data classification using techniques data mining in specific domains. After that, the techniques in the

past is compared. The suitable techniques is chosen for depression classification. The best algorithm is developed to

application for easy use so user can assess or test from the proposed system. The system can analyze level of user

symposium. Users know their own basic illnesses and treatment methods. Researcher collects data from trusted

references for analysis and we found that the depression have four levels such as no symptoms, low symptoms, medium

symptoms, and high symptoms. The data mining techniques is chosen in the research the example of decision tree,

support vector machine, neural network to find the best model for development web application screening for general risk

of depression that is accuracy and most performance in real life.

Keywords: Depression, Data mining, Data Classification, Natural Language Processing
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