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Abstract

Cyber threats have become increasingly severe and sophisticated in recent years, causing significant
impacts on both public and private sectors. Traditional cybersecurity systems are no longer sufficient to cope with
the rapidly evolving threats. This research aims to explore the application of Artificial Intelligence (AI) and
Artificial General Intelligence (AGI) to enhance the cybersecurity capabilities of the Royal Thai Air Force's Cyber
Center. The research methodology begins with studying relevant documents and research papers. It then presents a
conceptual framework for applying various Al techniques, such as Deep Learning, Few-shot Learning, and
Reinforcement Learning, to develop intrusion detection systems, malware prevention systems, and authentication
systems. Additionally, it proposes the use of AGI for in-depth analysis of cyber threats. The research findings
indicate that the application of Al and AGI has high potential to elevate the effectiveness of cybersecurity systems.
Al can help detect, prevent, and respond to threats with greater accuracy, speed, and coverage. Meanwhile, AGI
can enhance the ability to perform deep analysis of cyber threats, uncover complex attack patterns, and predict
future threat trends more effectively than traditional methods. This will enable more efficient planning of preventive
measures. This research proposes an approach to leverage Al and AGI for improving cybersecurity to keep pace
with the changing threat landscape in the modern era. The findings will benefit cybersecurity agencies in further
developing their capabilities to protect organizations from cyber threats more effectively. However, there are still

challenges in technology development, as well as ethical and legal issues that need to be considered in parallel.
Keywords: Cyber threats, Artificial Intelligence, AGI, Cybersecurity
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