(S Science and TeChnOlOgy Vol.9 No.2 (2019): 54-67

www.sci.rmutt.ac.th/stj

e — RMUTT Journal Online ISSN 2229-1547

a d d o v Y A _ d
m‘nm513?imfiumﬂaaﬂﬁmmmummumsﬁuaummumn‘lubmmnm

Finding a Suitable Threshold Value for an Biometric-Based Authentication System
3 £ o A x a ad v A9 IS 2 3
UTIAYNT 39A3 F9IA aded’ waz gl fu

4 o Y
'ud lasesnms neatignmsnesinlng
127 neafyMInewninIne ouw uSeimme 1297 9deR B LUANANT NFANNUIUAT 10210

=

"mnssuuansauma auzma Ty laodiny vIneauma TuTagsuanans Ueon Meuuaduniys
131 310 S1UANAN BUNBIABADY TIHIATUNIYT 22210
‘maimInemineuiame’ auginomansuazmalulas vnineaomalulad s suenaglisagl
60 M1 3 0.MNYOITY A1VAHUATI SUNBNILTUAIAI 0YTL TINTANTLUAIAIOYTL 13000

*E-mail: $5607011910021@email. kmutnb.ac.th
U |
UNANED

A v o < X Y @ @ =
msguduanuwilunseuiumsidesauveinisinyinnulasansniuna lu lagasauimneg

= Y a o 3 A Aa o ¥ A A v o a 4 ] A [
Gl)’\i‘]jilil‘]JL!lliJI’t‘)Lllﬁiﬂ“lfﬂJumﬂuﬂTluﬂllunJﬂG]ﬁW’é)ﬂTiﬂuﬂuﬁ’mL! lLﬁ%IlTJI@LZJGIiﬂ“BTJSZLﬂ'VIMWHGHQ’E)’N

= o ' < ' s A g I A o oo 9 ' o
ilﬂﬁ”lilﬂaf’mﬂﬂq& ’t‘]ﬂ’mUliﬂ@nl'ﬂ1LV]jaﬁiaaﬂlwalﬂulﬂmmiuﬂ’]ﬁﬂuﬂuﬁjﬁu%Wﬂmaaaﬂﬁglﬂwu’]um’]ﬂqu

IS AR '

Aao ] a2 1 A A o o A @ A A 9 A A
UIUIYNANEIDYINASLIDYA Iﬂﬂﬂ'Imi‘;lfiaaﬂﬂ’é]ﬂ'mfﬂﬁuﬂ%Wﬂﬁ]”lu’lu'ﬂEJ’t‘)lli‘].l“lJE]Q‘U@’l‘V]QﬂWé)Q nIion

9
o @ [

asanusznIndoyalszmniumneglugiudeyanudoyalszinniuainiungududiau duiu
Ty ao & a a P ' o=t o A A @ o
yaszaaAnanvednuItel AomsunzimA N ¥ laaanmingavazilasade imensaududiny
nndoyatlszmniiumdinisasiagounmalim Tagldinadia Circle Hough Transform 1azn1maae1
910 Chinese Academy of Sciences Institute of Automatic (CASIA) V.4 lunisnaasauazindszansnn
' P ' ' aw " ¢ I3 IR A
a1 1un A1 GAR, A1 FRR tagA1 FAR #an1s3ve wunaunsslaaq 72.9246 no5ikud aiin GAR

o = 1 Aa [
ga uag FAR uag FRR 6N Fudumnuanumigautazlaoany

v W

mdda: Mmstududiau mstududiauanlulewasng aunsyleasd

Received: January 24, 2019
Revised: June 11, 2019

Accepted: August 05, 2019



Sci. & Tech. RMUTT J. Vol.9 No.2 (2019) 55

Abstract

Authentication is the first line of defense of any information technology systems. One of the popular
methods used today is biometric, and iris authentication is gaining popularity. However, the threshold value is
deemed to be secure and appropriate has not been thoroughly studied. Threshold is a value that defines the
acceptable amount of the correct bits of the image before securely passing the authentication process. Therefore,
the main aim of this research was to find a secure and suitable threshold value used in iris authentication system,
where iris localization was done by using Circle Hough Transform technique. Iris image databases v.4 from the
Chinese Academy of Sciences Institute of Automatic (CASIA) were used in this research. The way to find the
appropriate threshold was to test for the right balance of the GAR, FRR and FAR values when trying to verify
the person’s identity. The results of the test revealed that the appropriate threshold had the value of 72.9246

percent of all the available bits of the iris image. Both had a high GAR and very low FAR and FRR values.

It can be concluded that the obtained threshold value was suitable and secure.
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Fori=1ton Then
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Else

Unmatched Bits = Unmatched Bits + 1

End IF

End For

Correct = Maiched Bits*100/n

IF Compare >=Threshold Value Then

Result = Pass
Else

Result = No Pass
End IF

End Compare
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