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Abstract

Recently, technology plays a lot of role in daily life and has plenty text review on the web which is
used to specify the interesting points in the product selling in the website. This method helps the purchaser
able to read the text review of the product before deciding to make the purchase order which makes high
advantage in proposing selling products on the website. This article presents the Movie Text Review using
data mining classification technique consists of SVM, Decision Tree, K-NN and Naive Bayes techniques.

From the experiment, found that by using the SVM technique makes the highest accurate value of 86.26%
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1. Operation System : Microsoft Windows 10

2. Application : RapidMiner Studio 6.5
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- Tokenize
- Filter Tokens (by Length)
- Stem (poter)

- Filter stopwords (English)



98 Sci. & Tech. RMUTT J. Vol.6 No.1 (2016)
Multiply(RapidMiner Studio Core) - Validation k-NN
X-Validation(RapidMiner Studio Core) - Validation Decition Tree

- Validation Naive Bayes - Validation SVM(Linear)
Validation_rin...
ive [) qt= mad g g o
D b qr
ave dA
(=) s qr
Validation D1
qr= mod B
Muitiply -K, e 4
¢ = S
1' ot ) o tif?
= 2P
) Validation kNN
o q+ mod g
Process Docu... ‘l_/ ra
e =7 Y /o3 =P
qrs mod D
% a‘: P
o &

4 0 v a
gﬂﬁ 3 lLﬁ@Nﬂ'Iﬁ'E']'f]ﬂlL“lJ’UﬁgiJ'Uﬂ1ﬁi]'ll!‘1«!‘llf)ﬂ'ﬂll£§!'n

[y d [y
3. HANSIVLUAZIVITAUNANTTIVY

M3NBNUNAYTZANTMNMSIUNTRANNIII wazPen Al

3.1 mAiiA Naive Bayes

PerformanceVector

PerformanceVector:

ConfusionMatrix:

ConfusionMatrix:

True: positive negative
positive: 10106 2413
negative: 2394 10087

accuracy: 80.77% +/— 0.50% (mikro: 80.77%)

ConfusionMatrix:

True: positive negative

positive: 10106 2413

negative: 2394 10087

precision: 80.82% +/- 0.54% (mikro: 80.82%) (positive class: negative)

True: positive negative

positive: 10106 2413

negative: 2394 10087

recall: 80.70% +/— 0.76% (mikro: 80.70%) (positive class: negative)

AUC (optimistic): 0.911 +/- 0.005 (mikro: 0.911) (positive class: negative)
AUC: 0.812 +/- 0.006 (mikro: 0.812) (positive class: negative)
AUC (pessimistic): 0.812 +/- 0.006 (mikro: 0.812) (positive class: negative)

31U 4 myswnumalszanimumssunndeniuiiilaeldmaiia Naive Bayes

1 .. A
- f1 true positive A0

- filtrue negative fo

1A

AMNMUIe1gNs Ao 10,106 910 12,500

'
1 Ao

MiuegnI a3 Av 10,087 910 12,500 YA

- mAugNdesvounaiin Naive Bayes A0 80.77 %

P
UDANITY



Sci. & Tech. RMUTT J. Vol.6 No.1 (2016) 99

3.2 matia k-NN

PerformanceVector

PerformanceVector:
accuracy: 68.54% +/— 1.09% (mikro: 68.54%)

ConfusionMatrix:

True: positive negative

positive: 9189 4554

negative: 3311 7946

precision: 70.61% +/- 1.49% (mikro: 70.59%) (positive class: negative)
ConfusionMatrix:

True: positive negative

positive: 9189 4554

negative: 3311 7946

recall: 63.57% +/— 1.13% (mikro: 63.57%) (positive class: negative)
ConfusionMatrix:

True: positive negative

positive: 9189 4554

negative: 3311 7946

AUC (optimistic): 0.903 +/- 0.007 (mikro: 0.903) (positive class: negative)
AUC: 0.500 +/- 0.000 (mikro: 0.500) (positive class: negative)
AUC (pessimistic): 0.467 +/- 0.014 (mikro: 0.467) (positive class: negative)

517 5 mssrenumalszaninmmsiuundennuini laeldimatia k-NN

o 1

- 1 true positive AB ANKIUIGIIGNITIAD 9,189 1A 12,500 FoA1W

]
A

- 1 true negative Ao MANRIIBYNIIAADTI AiD 7,946 910 12,500 FoA1W

- manwgndesvounain K-NN Ao 68.54 %

3.3 matin aulddaaula (Decition Tree)

PerformanceVector

PerformanceVector:
accuracy: 62.58% +/- 0.90% (mikro: 62.58%)

ConfusionMatrix:

True: positive negative

positive: 12230 9084

negative: 270 3416

precision: 92.69% +/- 1.81% (mikro: 92.67%) (positive class: negative)
ConfusionMatrix:

True: positive negative

positive: 12230 9084

negative: 270 3416

recall: 27.33% +/- 1.72% (mikro: 27.33%) (positive class: negative)
ConfusionMatrix:

True: positive negative

positive: 12230 9084

negative: 270 3416

AUC (optimistic): 0.979 +/- 0.005 (mikro: 0.979) (positive class: negative)
AUC: 0.624 +/- 0.010 (mikro: 0.624) (positive class: negative)
AUC (pessimistic): 0.270 +/- 0.017 (mikro: 0.270) (positive class: negative)

510 6 misenumallszaninmmssuundeanusiilaeldmain dulddaduly (Decition Tree)

- 1 true positive A0 AMNRIUIIIPNITI AD 12,230 910 12,500 ToAIW

'
1A o '

- 1 true negative Ao MANIIBYNIIAADTI fiD 3.416 910 12,500 FoA11W

- mawgndesvounaindulidadule (Decition Tree) AiD 62.58 %
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3.4 matin SVM(Linear)

PerformanceVector

PerformanceVector:
accuracy: 86.26% +/— 0.50% (mikro: 86.26%)

ConfusionMatrix:

True: positive negative
positive: 11141 2077
negative: 1359 10423

precision: 88.47% +/- 0.75% (mikro: 88.47%) (positive class: negative)

ConfusionMatrix:

True: positive negative
positive: 11141 2077
negative: 1359 10423

recall: 83.38% +/— 0.89% (mikro: 83.38%) (positive class: negative)

ConfusionMatrix:

True: positive negative
positive: 11141 2077
negative: 1359 10423

RAUC (optimistic): 0.938 +/- 0.003 (mikro: 0.938) (positive class: negative)
AUC: 0.938 +/- 0.003 (mikro: 0.938) (positive class: negative)
RAUC (pessimistic): 0.938 +/- 0.003 (mikro: 0.938) (positive class: negative)

51U 7 msnenunallszansmmmssuundennyidnlasldmaiia SVM(Linear)

U

1
= o '

- @ true positive AB AININIGIIPNITI AD 11,141 910 12,500 L REY

]
' A o '

- f1 true negative A9 ANUIBYNNAAITI AD 10,423 1A 12,500 VoA

£

- mMAugNdesvounalln SVM(Linear) 10 86.26 %

3.5 WordList(Process Document from Files)
uaastoyatiwaudinldninmsdszuunaguanyuzdr 1InnszUIUMTYszuIumATD

3 Yo 1 A < o o Y A 9
Iﬂiuﬂill RapidMiner NHNA %z”lﬂmma@maaﬂmxﬂummu 1,433 A1 31PUDAINTIT 12,500 VDAY

Word Attribute Name Total Occurences Document Occurences positive negative
abandon abandon 269 251 130 139 =
abil abil 589 543 331 258
abl abl 1367 1221 745 622
abov abov 840 795 436 404
absolut absolut 1840 1666 797 1043
absurd absurd 321 289 114 207
abus abus 395 303 203 192
accent accent 671 549 223 448
accept accept 813 691 464 349
accid accid 370 323 230 140
accord accord 278 264 114 164
account account 304 273 153 151
accur accur 401 357 238 163
achiev achiev 530 478 328 202
act act 7466 6132 2904 4562
action action 3525 2477 1708 1817
actor actor 6719 5080 3064 3655
actress actress 1456 1235 755 701
actual actual 4943 3873 1904 3039
ad ad 638 610 345 293
adapt adapt 755 603 404 351
add add 369 355 254 115
addit addit 379 365 226 153
admir admir 443 408 264 179
admit admit 665 631 341 324
adult adult 738 613 425 313
adventur adventur 726 598 477 249 oy

51 8 msuaasdeyasudinldainmslszuiuma
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4. agdwamsIdy

1 9 1 ' o . ' 1 @
ANNUYNADA (accuracy) AMANULULUYT (Precision) wazanueau v (recall) aangaaly

AT N
Performance | Naive Bayes (%) K-NN (%) Decision Tree (%) | SVM (Linear) (%)
Accuracy 80.77 68.54 62.58 86.26
Precision 80.82 70.61 92.69 88.47
Recall 80.70 63.57 27.33 83.38

vnnisnaaeulaesldldsunsy
RapidMiner lfu munala SVM (Linear)slﬁ}?h
ARARBY (accuracy) Afigade 86.26 % Tuily
madaiieuls Az ldszand19luns
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UszgndlFluandsziangug 188nde 15w
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