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ABSTRACT

The purposes of this research are 1) to study and develop a risk techniques model for
depression among students that may cause self-harm using data mining and the sample used in
the research is 600 undergraduate students, Nakhon Pathom Rajabhat University randomly
sampling from all faculties. The research instruments are 1) general information questionnaires and
2) PHQ-9 depression test assessment. The data analysis techniques used in this research consist of
five data mining techniques: Random Tree, LMT, PART J48, and JRIP, the efficiency is compared by
a Cross-validation test.

The results show that the data using the Random Tree is the most efficient with an
accuracy of 96.00%, followed by the LMT with an accuracy of 95.90%, PART with an accuracy of
95.10%, J48 with an accuracy of 94.80%, and JRIP with an accuracy of 94.00% respectively.
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4) False Negative (FN) iluguindeyafifdusziamduuin uignduwuuduwunUssaninduau
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Actual Class Class = Yes A B
(TP) (FN)
Class = No C D
(FP) (TN)
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If Mobile Phone Usage Time = 3-hour and Number of Siblings = 2 People and Status =

Single and Class Year = One and Pet = Yes and then class = A

If Mobile Phone Usage Time = Morel0andSex = F and Meeting Friends = Some days and
Decreased Interest in Activities = No and The Marital Status of Parents = Together and

Faculty = Dept and Age = 17-19Year and then class = B
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