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ABSTRACT
This research purposes a graph mining technique to identify the particular characteristic
of Demospongiae by supervised learning method. The sponge dataset contained 7 families

belonging to the Demospongiae class was collected from the Mediterranean and Atlantic

Received 18-01-2019
Revised  25-03-2019
Accepted 26-03-2019



kwan
Typewritten Text

kwan
Typewritten Text


no s1sUIna
ysansise LITC nsJINw

oceans. The dataset of Demospongiae was performed on graph dataset and then was analyzed

to identify the particular characteristic by using eraph based supervised learning method. The

learned substructures can identify the unique of a specific feature for each family and can use

to develop the prototype of knowledge-based expert system for Demospongiae identification.

The prototype was evaluated by measuring the efficiency from the ability to classify the sponge

family. The experimental results showed the identification performance accuracy is 76.47%. This

indicated that graph mining technique by supervised learning method is valid and practicable

for Demospongiae identification.
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