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ABSTRACT

This research aims to 1) create a prediction model for students’ dropout in higher
education, and 2) develop a prediction system for students’ dropout in higher education.
To analyze 3,650 datasets of undergraduate students at the faculty of science, Buriram
Rajabhat University who were admitted between 2013 and 2018. To use the Weka
software with the decision tree classifier and J48 algorithm to create the prediction
model for students’ dropout and evaluate the model using a 10-fold cross validation
method. The prediction model had incorporated in the prediction system development
for students’ dropout in higher education. The development tools were PHP, HTML,
JavaScript, CSS, and MySQL DBMS. The prediction system had developed in the form of
a Web application.

The study results found that the prediction model for students’ dropout had 11
associative factors: major, 6 GPAXs (6 academic terms), GPA from high school, major in
high school, school size, and scholarship loan. The model had the values in 95.57% of
accuracy, 94.50% of precision, and 95.60% of recall. The use of the prediction system
by the advisors and the students found that in a high level of satisfaction ( X= 3.68, S.D.
= 0.58).

Key Words : Undergraduate, Student drop out, Data mining technique, Classification,

Decision tree
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gsliypvoswnetunoudaussianiieiamuuudaesiiamnsaduwundeyaitudinl fuunlng)
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- danasnudusunisInuundszin (Classifier algorithm) vinnsduunUssian
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- 13U sEAnSann1sIuunUseian (Evaluation classifier) lagld35n1s
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(Web application)
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2. myfaidanuasuUasdoya (Data selection and transformation)
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fsoudnen A wann9ioulade unumsiSoudiou vuialsaseu wazdadoseninnie uly
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anfifdoya (Attribute selection) MaFuwIiA L MERTeMeMITnd wuth fdwau 11 Yade
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Aauus A1aSuNe armdulula
Program aniniidnwlunog {210, 249, 267, 417, 416, 415, 232, 231,
SngEnans 230, 240, 266, 456, 268, 243, 265}
GPA1-GPAG nsaaasluniaBeud 1 — 6 | (Weak, Medium, Good, Best} =

(udn1sAnen 2556 - 2559) Weak =GPA< 1.6 Medium=GPA 1.6-1.99
Good=GPA 2.0-2.5 Best=GPA>2.5

SchoolGPAX NIALRALANLSIT UL T AT
= PRy a a & a ¢
SchoolProgram | waun1SS8URAnwlulsaseu | {1, 2,3} = 1 = MYIANENS/ANAANERNS
G 2 = AadAuial 3= 8u 9
SchoolSize YUIALASISYY {Small,Medium,Large}
v A P P '
Loan A0MUENTATNONANYY | [Yes, No}= Yes = Noanuidy  No = bl
Aelal
U

DropOut ADULANTNUANN {Yes, No}
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3. MsAsIvidaya
nIdeiltmadaduliidndulaisas wuuinass (Model) ail
1.1 MFAS1UAENAZBULUUTIaDY

sATeilFTUsunTI WEKA 3.7.9 Tumsaduduuunisieneidadouasnaaay
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Seus (Training set) walunaasudlsyanaaay (Test set) lngldasn1snsivasulel
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wilugh (Precision) AANUSEAN (Recall) kagA1ANUA9a (F-measure)
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browser) %ﬂ%ﬁzuuﬁmi@wﬁmﬂa (Database management system) fia MySQL laglan1un
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