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Application of unmanned aerial vehicles to track
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Abstract

The objective of this study was to monitor the growth of Napier grass variety Pakchong
1 during the first stump. Using aerial photographs from the unmanned aerial vehicle in the
experimental plot. The study area is located at Nongon Sub-district, Nong Wua So District,
Udon Thani Province. By taking aerial photographs at flying heights of 30, 60 and 90 meters.
Process image data with WebOEM. Sampling was performed to collect data from experimental
plots. Napier grass elevation estimates obtained from aerial photographs from unmanned aerial
vehicles. The height of the flisht the most suitable is 90 meters, the most determination
coefficient R? of 0.77 and an RMSE of 0.40 and estimated Napier grass height and reflectivity
using a General Linear Model (GLM). It was found that the optimal flight altitude was 60 m.
The optimal value had an R? of 0.77 and an RMSE of 0.18. The results showed that the
unmanned aerial vehicle could be used to monitor the growth of Pak Chong 1 Napier grass at
an optimal flight height of 90 meters. The R? value is equal to the reflectance analysis, which
is @ more complicated method. It can be used as a guideline for estimating the height of Napier
grass in a large area.
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