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ABSTRACT

This research presents a text classification analysis aiming to compare the stability of four major types
of classifiers, which are a rule based classifier, tree based classifier, probability based classifier, and learning based
classifier. In this work, three-benchmark comment datasets, which were collected from “www.imdb.com”, “www.
yelp.com”, and “www.amazon.com” (Accessed: 11 November 2016) were used to evaluate the stability of mentioned
classifiers, by concerning a Receiver Operating Characteristic (ROC) and a paired t-test of predicted accuracy. The results
showed that the tree based classifier, which is called Random Forest, presented the greatest stability performance

with ROC > 0.80 and the difference of predicted accuracy between 10-fold cross validation and test dataset were “0”.
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Tiiudndane3fin Random Forest fiUsz@nEnmasn
gane39u Bayesian Logistic Regression dlosanuunliu
yoansmiinnutugeiousial False Positive Rate 1
0.3 ¥1b¥iein True Positive Rate 3ifng484 0.8 Uagtduns
az3umafl Inefien True Positive Rate Wilng 1 fausien
False Positive Rate 3f1 0.6 wamsinliiiu 31@1 False
Positive Rate fauwst 0.6 ughiluasyililaan True Positive
Rate Mg 1 FamseriuTngusvasdvesannAfeiatiy
ALADETUDITAND TN

dofiansanainamd 6 nsim ROC vostoyad 3
Inedane37iu Bayesian Logistic Regression @1 True Positive
Rate U A1 False Positive Rate wUsaulUlufirmiaseaiu
fim A1 True Positive Rate TndlAss 1 azviliiAn False
Positive Rate TndlABd 1 91e MHNBAIIUIT UINABINITAN
True Positive Rate ﬁqq A1 False Positive Rate ﬁ%gjd
shewuiu lwwdeafunsmaaeuluyadeyad 1 uas 2
dlowSsuidisunanisTauseansansening sanesiiy
Random Forest wag §ane3#iu Bayesian Logistic

Regression WU 8ane371: Random Forest LanINadwsin
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3. N1SVAEBYU Pair t-Test Y845aN3711 Random
Forest

NINAERU Pair t-Test gniNINfATANAIAINY
9NABIEIMTUNITNAZOUININNTIALUY 10 folds-cross
validation uagz Test Set iefudunuiaiosves
9ane37iy Random Forest

INNANIINAADY Pair t-Test vo38aneIiy
Random Forest fiusis 3 gadoyannaey wui 35150
WUy 10 folds-cross validation wagdsn1sinwuy Test
Dataset tulkasavasanarsnugndeasinfu 0
agelifeddgludeyanaaeuanuanismageulantin
Sane3fiu Random Forest Hufinuiadesiesanlaia
sz inmneisnsluuflvienadnélsiunnsieiu

aAUIENA
miAdeithiauenieneginisduundeniu
Wiefnwirnatiosvesdanesfiuiiionisdiuun ¢ sUuuy
g Iiud g1ung dendane3iiu Conjunctive Rule
gusuliidnduls Hondana3viu Random Forest §1uAL
ey dendanesiiy Bayesian Losgistic Regression
WAzgIUMSSEUS 1den Support Vector Machine fiu
JomnunaaeuinNaINgUteya UCI Machine Learning
Repository (http://archive.ics.uci.edu/ml) 3143U 3 ¥
leun deyauansanudaiiuiisriunmeunsanniivlesd
www.imdb.com fegauansmnuAaiiuiaiuue s
niuled www.yelp.com way JoyauansnuAniu
\Aerfuaudainiuled www.amazon.com Fstaya
i1 3 yadudnunzderuuansauAniu wiseenidu
2 N Ao “17 UMuUNISUENIAUANTAIUTIUIN Wag “0”
wnun1skasImuAnivluday insusuamnlines
adidivue Tn1sveaey 2 sUuUy Ae 35 10-fold
cross validation Wwazd5 Test Dataset NAAWS WU
Sanoifuillinadwsifianaesdudiunanvastoyaia 3 «n
Ao Pane3fu Random Forest Waydane3iiy Bayesian
Logistic Regression AiaayinMsiAs 1t ROC wut anesiisl
Random Forest HuliiUszavBnmiianinilosanuualiy
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yoansmiiaruuiousiadaus 0.2-0.4 filvildan True
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Y248aNe37IN Random Forest lsvihnsvadauAULANG
YIAMNAN ANUYNABIVBIBANDINY (Paired-t Test) il
nan15ItAsIzRLansiiuIn sane3fiugiu Random
Forest wansautaiosnIsdwuntonitulagenin
Sane3fiufidnwdug dauAade ROC > 0.80 way
NAFYRIFNANIANgNFBIINAU 0 WonnaeusEings
10-fold cross validation wag35 Test Dataset ©¢19%
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