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ABSTRACT

This research aims to develop a trip attraction model using online social network data.
This research used the tourist data of the national park as a case study. The deep learning approach
was employed for developing a model. The performance of the model was then compared against
linear regression analysis method and artificial neural network method. The results indicated that
check-in data could be used to create the trip attraction model. The model derived from deep
learning approach provided the highest predictive accuracy. The mean percentage absolute error
(MAPE) of deep learning method was 43.99, which was lower than those of the linear regression
analysis method (386.48) and the artificial neural network method (88.97). As such, developing a

model using social network data will greatly reduce the cost of data surveying.
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About

Q

Phu Phan National Park is a national park in Sakon
Nakhen and Kalasin provinces, Thailand. This isolated
park covers a wide jungle area in the Phu Phan
Mountains of Isan.

Address Suggest an address
Phone Suggest a phone number
Website Suggest a website

Tags popular with tourists

) 24 likes & 48.908 visits
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