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Abstract

The objectives of this research were to 1) measure the performance of the forecast model of durian
production, and 2) develop a decision support system for planning durian production in Uttaradit province
with forecasting techniques. This research uses data on durian production in Uttaradit Province: harvesting
area, average production price, and information on factors related to the amount of production, such as
average rainfall, average temperature, average maximum temperature, average minimum temperature,
average high wind speed, and gusts of wind during 2010-2023 for forecast modeling. A forecast model was
developed using 4 techniques: Artificial Neural Network, Naive Bayes, K-Nearest Neighbor, and Decision Tree.
The performance evaluation results of the forecasting model were obtained by finding accuracy from the
Mean Absolute Error (MAE), Mean Square Error (MSE) and Root Mean Squared Error (RMSE). Performance
tests revealed that the Decision Tree model had the lowest Mean Absolute Error, Mean Square Error and
Root Mean Squared Error. Next was the K-Nearest Neighbor model, followed by Naive Bayes and Artificial
Neural Networks, respectively. Therefore, the Decision Tree modeling technique was applied in the
development of the decision support system. The results of the system satisfaction evaluation found that

the system usability evaluation results were at a good level with an average score of 4.49
Keywords: Forecasting; Artificial Neural Network; Naive Bayes; K-Nearest Neighbor; Decision Tree
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Row No. wanaasadn (Alansw/ld)  uwaudamawmdvalé (Alanin) temp_max temp_min rain_sum windspeed_max
1 1362 21800 39.800 16.600 203.400 17.600
2 1364 57357 38.100 15.600 163.400 15

3 1000 12000 35.700 13.800 205.700 15

K 2345 288500 38.400 15.800 183.600 16.700
5 200 1400 38.900 16.300 203.400 17.600
6 2021 11319900 38.400 15.300 223 15.500
7 1220 3536800 39.100 16 223 15.500
8 1575 715100 39.600 16.400 203.400 17.600
9 650 2600 39.600 16.400 203.400 17.600
10 1260 203000 37.900 9.800 1471.700 16.300
1 2293 12839700 37.700 9.200 1682.800 16.300
12 1908 5532000 38.400 9.900 1682.800 16.300
13 1402 594600 38.800 10.300 1473.900 17.800
14 333 1000 39.200 9.800 1473.900 17.800
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deiildmeardulszansanduiug (Correlation Coefficient) iitofnwauduitussevinatadeiid
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M19199 3 ArAuduiussenindadeiuanmiindeuseUsinamandanseuluimingnsingd

Y X, X, X, X, X5 Xe X, Xe
X, 0.26 1.00

X, 038  0.26 1.00

X, 0.07 0.94 0.49 1.00

X, 008  -089  -0.15  -0.87 1.00

Xs 0.27 0.22 0.22 0.19 0.06 1.00

Xg 007  -036 047  -025 059 0.65 .00

X, 0.35 009  -028  -0.11 004  -026  -0.27 1.00

Xg 064  -040 029  -045  0.62 0.40 0.53 0.25 1.00
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C a ) L’1. : E xt ) g e % D q= % D
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AsHANIINAISINYRS <N ) o
ASENSIINNBASHAZANNS G f I
https: //opendata. doae.go.th v = per |

WEATHER 55-65 A cross validation

including

as)
C aRegression
4 7Spil Data 9:1 ;ﬁpﬂbv Model )
Historical Weather AP ﬂ - Y oD q me J - E’
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AN 2 NMTATILUUTIADINTNENTANANEA U

3. nan1UieuiisulszavsnmesiuuuTIaaInsnensaldnsunIsne N saluSIMKaNEANSEY

PINHANIINAGDUNITAALA DALUUTIABINYINTATIUIU 4 WUUAD Artificial Neural Network: ANN,
Naive Bayes: NB, K-Nearest Neighbor: KNN &z Decision Tree: DT lagn1snaassinnalagni1siuSouiieu
Uizﬁw%mwmauwiazl,mﬁﬂLﬁammml,l,:,jua”maamiwmmaimﬂmmmmmmLﬂ?{aué’ugiai (Mean Absolute
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A15199 4 N15USULRBUUSEANSAMWUUTIaDINSTNEINT

UseanSnnuazAuLLg1VBIUUINEDY ANN NB KNN DT
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